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Abstract

Kobe University Library disclose the Earthquake Disaster Materials Collection, which preserves a lot of
images and videos related to the Great Hanshin-Awaji Earthquake. In order to understand the damage and
awareness of disaster prevention at the time, and to prepare for the coming earthquake, it is considered important
to conduct a visual search to find specific objects in the images and videos in such a large archive, set up with any
free-form text queries that people would naturally express.

Recently, by adding natural language understanding to computer vision, we can input any free-form text.
In addition, those models have been trained on large amounts of data and pre-trained models have been released.

In this paper, six text queries such as “a backpack”, “a safety cone”, “a blue tarp”, “a person sitting”, “a
person wearing a helmet" and “a person riding a bike” are input into the vision-language pre-trained models. We
evaluated the ability of the pre-trained model to be used for visual search in the earthquake archive. We also
proposed a highly efficient data collection method for training archive specific models, and conducted fine-tuning

of the models with the collected data.
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