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ABSTRACT

Recently, computational techniques that employ physical systems (physical computing systems) have been
developed. To utilize physical computing systems, their design strategy is important. Although there are
practical learning-based methods and theoretical approaches, no general method exists that provides specific
design guidelines for given systems with rigorous theoretical support. In this paper, we propose a novel
algebraic design framework for a physical computing system, which is capable of extracting specific design
guidelines. Our approach describes input-output relationships algebraically and relates them to given target
tasks. Two theorems are presented in this paper. The first theorem offers a basic strategy for algebraic
design. The second theorem explores the “replaceability” of such systems. Their possible implementations are
investigated through experiments. In particular, the design of inputs of a system so that it generates multiple
target time-series and the replacement of stationary or non-stationary target systems by a given system that
is designed algebraically are included. The proposed framework is shown to have the potential of designing
given physical computing systems with theoretical support.

1. Introduction

Recent developments in sensing and Internet of Things technology
require enormous complex time-series data to be processed efficiently
in real-time. The von Neumann architecture, which is a conventional
computational architecture that aligns the processor and memory sep-
arately, causes an intrinsic limitation in processing speed, the von
Neumann bottleneck. To design a successful real-time information pro-
cessing method with lower computational and energy costs, it is nec-
essary to reconsider the computational architecture and concept [1].
Therefore, many approaches based on the non-von Neumann type
architectures have recently been proposed, capitalizing on the power
of material properties [2,3] and the diverse dynamics of physical sys-
tems [4]. Physical systems outsource the computational load to natural
physical dynamics and add some properties in addition to computation,
such as robustness against a radioactive environment [5,6], which
significantly extends the application domains. In this paper, the term
systems refers to physical computing systems, and we propose a design
principle for the systems based on the theory of algebra.

We focus on mapping input sequences to output sequences, which
we consider computing in this paper. In the field of physical computing
and its related domains, the terms “time-series” and “sequence” are
used to refer to both continuous and discrete cases [7-11]. In the
following, “time-series” refers specifically to continuous time-series,
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while discrete time-series are referred to as “discrete time-series.” In
this paper, we examine physical computing, where a physical system
characterized by its parameters is employed to map an input sequence
(Fig. 1). In the research field of physical computing, designing a system
that exhibits desirable computing has been a focus of attention [12-15].
Common and practical methods include simulation- [12] and learning-
based methods [13]. Although the efficacy of such methods has been
partially confirmed, they basically rely on an enormous number of trial
and error attempts or simulations, and/or it is necessary to learn their
input-output relationships, which are not supported by theories. On
one hand, researchers [14,16] have attempted to understand the design
principle of physical computing systems, which are based on the theory
of nonlinear filter approximation [17]. In these studies, computational
tasks are reduced to the approximation of a class of filters by the
systems. In other words, each filter in the class has the role of mapping
an input stream to an output stream. Then, sufficient conditions for the
approximation such as the echo-state property [18,19], fading memory
property and point separation property [14,17] are provided. However,
the practical use of such theories can be challenging. Specifically, it
is difficult to design physical computing systems so that they satisfy
these conditions; specific design guidelines for the systems based on
the nonlinear filter approximation theory are difficult to obtain. There
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is another direction for theoretically investigating physical computing
systems, which is based on static feedback linearizability [15,20].
Static feedback linearizability is a well established tool in the field
of nonlinear control theory, targeting systems described in state-space
representation. Roughly speaking, a static feedback linearizable system
is a system such that it can be transformed into a linear system by
a change of coordinates and a static feedback control. In [15,20],
mass-spring systems are targeted and their feedback linearizablity are
demonstrated. Based on this, such systems of dimension N, with an
appropriate change of coordinates and feedback control, are shown to
be able to enumerate solutions of Nth order differential equations in
response to an external input. Since the proof of feedback lineariz-
ability of the systems in [15,20] is constructive, one can say that
these theories provide specific design guidelines, the feedback controls
in these case, in contrast to the theories based on nonlinear filter
approximation [14,16]. However, a class of static feedback lineariz-
able system is limited and hence the theoretical frameworks provided
in [15,20] are only applicable to a limited class of physical computing
systems. In the field of nonlinear control theory, there is a property of
system called differential flatness [21-23], which is closely related to
feedback liniearizability. Roughly speaking, differentially flat systems
can be transformed into linear systems with a change of coordinates
and a dynamic feedback control [24]. Thus, the differential flatness is
a generalized concepts of feedback linearization which has a potential
to extend the theories such as [15,20]. However, the existence of
a computable criterion so as to decide if a system is differentially
flat remains open [24]. Thus, challenges for existing approaches in
designing physical computing systems can be organized as follows:

» The theoretical approaches for physical computing system based
on nonlinear filter approximation [14,16] do not provide specific
design methods.

Practical simulation- or learning-based approaches [12,13] may
provide specific design guidelines for physical computing systems,
however, they do not have theoretical guarantees.

The theoretical methods based on static feedback linearizabil-
ity [15,20] allow us to obtain specific design guidelines of physi-
cal computing systems. However, their applicability is limited to
a subclass of physical computing systems.

The applicability of the approaches [15,20] may be extended by
introducing differential flatness [21-23]. However, determining
whether a system is differentially flat in a systematic manner
remains an open problem.

Based on the above, we aim at establishing a theoretical framework
for designing physical computing systems that can offer specific design
guidelines based on algebraic theory and related computational tech-
niques. We assume that a physical computing system is modeled as a
state-space model and examine its specific design guidelines via state
variables elimination supported by algebraic theory. An overview of
our framework is depicted in Fig. 1. In this framework, the specific
input-output relationships of a given system, F = 0 in Fig. 1, are first
described via elimination of the state variables. Then, F is related to the
computational tasks (Theorems 1 and 2). To be more precise, the input—
output relationships are characterized by the Grobner basis, which is
an algebraic technique. This makes it possible to describe the relation-
ships and obtain design guidelines using computer algebra software
without being aware of the underlying algebraic theory. In contrast
to existing theories based on nonlinear filter approximation [14,16] or
feedback linearization [15,20], our approach does not essentially limit
the class of physical computing systems while extracting specific design
guidelines. This is because, our approach relies on F = 0, which is
explicitly computable for any physical computing systems described by
polynomial state-space models. In addition, it is worth to mention that
our approach has the relation to differential flatness as demonstrated
in Section 4.2. This suggests that our approach could serve as a clue for
further developing existing theories.
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In this study, two main theorems are provided. Theorem 1 outlines
a fundamental design strategy for computational tasks. Such a process
for adjustments is often conducted empirically in practical methods
[12,13]. We demonstrate how the proposed strategy works when de-
signing inputs in Experiments 1 and 2. Theorem 2 extends Theorem 1
by addressing situations where one physical computing system might
be preferable over another, considering the “replaceability” of systems.
As an example, such a situation may arise as a result of the emer-
gence of diverse implementations of physical computing. Experiment 3
demonstrates the effectiveness of Theorem 2, which provides specific
guidelines for replacing one system with another. The limitations of
our framework are discussed in Section 5.

2. Algebraic preliminaries
2.1. Algebraic terminology

As preparation, we introduce some algebraic terminology related to
the study. For basic terminology concerning the field, ring, polynomial
ring, and order, please refer to [25,26]. Throughout this study, K[x]
denotes a polynomial ring whose variables are x = (x|, ..., x,) over a
field K.

Definition 1 (Ideal on a Polynomial Ring). A non-empty subset I of K[x]
satisfies

ifpel,qel, thenp+qgel, 1)
ifpel,qe K[x], thengpe I, 2)
where K[x] is a polynomial ring; p, ¢ are polynomials.

Definition 2 (Generating Set). For an ideal I, suppose that there exists
a non-zero subset {p, | A € A} of ring K[x] that satisfies

Iz{zqm

A€EA

forall ¢, € K[x]} . 3

Then, {p,| A € A} is defined as a generating set of I. p;(A € A) is
defined as a generator of I.

Notably, the set on the right side of (3) is shown to satisfy the
definition of the ideal [25]. Representing the ideal I, whose generator
is {p; | A € A}, is commonly expressed as follows:

I={{p,| A€ A}). )

The underlying algorithm for deriving the key equation F = 0 in
Fig. 1, called the input-output equation, is polynomial division. When
performing division between the polynomials of a single variable, in
general, we first arrange the terms of the polynomial in descending
order of the degree of the variable. We then focus on the monomials
whose variable degree is the highest in the polynomial to be divided
and for the division. If the monomial for the polynomial to be divided
is higher than or equal to that of the polynomial to divide, then the
polynomial to be divided is factorized by the highest degree term
of the polynomial to divide. Therefore, the order of monomials is
critical in dividing polynomials of a single variable. This holds for the
multivariate case as well [25]. In general, the monomial ordering fixes
the order of the monomials in the set of monomials of interest [25].
Below, we consider the monomial order to handle polynomials, which
is a special type of the total order.

Definition 3 (Total Order). < is a total order on a set X if the followings
holds for all a,b,c € X

a<a, (5)
a<borb<a, (6)
ifa <bandb < a,thena=b, @)
ifa <bandb < c,thena < c. (8
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Fig. 1. Overview of the proposed framework. The framework of a physical computing system is depicted at the upper left. Theorems on the algebraic design of physical computing
systems are summarized in the upper right, which corresponds to the main results. Experiments 1 and 3 are illustrated at the bottom.

Conventionally, we denote a < b if both a < b and a # b hold.
Among a set X equipped with a total order, we can compare every pair
of elements. By adding some properties to the total order, the monomial
orderings are defined as follows.

Definition 4 (Monomial Order). Monomial order < is the total order on
a set of monomials M, of a polynomial ring such that
1 <uforallue Mj,u#1, )

ifu <vu,ve Mthenuw < vw, for allw € M. (10)

Definition 5 (Lexcographic Order). Let us consider a rmg K[x] and

monomial order < on the ring such that for arbitrary u = x| | x2 Ve XSS,
v = xf ! xgz, ..., and xfA € K|[x], u < v holds if the left-most element

among the non-zero elements of (f; —ay,f, —a,
We define < as the lexcographic order.

., By —ay) is positive.

The lexicographic order can be used to eliminate variables from
ideals [25]; hence, it is used in this study. To eliminate variables,
To eliminate variables, we perform computation of the Grobner basis,
whose underlying algorithm is polynomial division. Before explaining
this, we introduce related terminology.

Definition 6. The largest monomial in the set of monomials, whose
coefficients are non-zero, appearing in a polynomial p € K[x] with
respect to a given monomial order < is defined as the leading monomial
of p. We denote this by LM_(p).

Definition 7. The coefficient of the leading monomial of p € K[x]
with respect to a given monomial order < is defined as the leading
coefficient of p. We denote this as LC_(p).

Definition 8. Let us consider a ring K[x] with a given a monomial
order <. Suppose we have non-zero polynomials p and 4 in K[x]. We
represent i as

h=gqp+R, 1D
where the followings holds:

« if R # 0, then R is not represented by R = ¢'p, where ¢’ € K[x];
« if ¢ # 0, then LM_(h) > LM_(gp).

R is defined as the remainder of 4 divided by p with respect to < over
K[x].

The existence of ¢ and R in Definition 8 is shown [25, p. 64].
Although this is the case of a polynomial being divided by a single
polynomial, it can be extended to polynomial division using a set
of polynomials [25]. See [25] for the details and algorithms on the
division of polynomials of multiple variables. In general, because the
division algorithm is implemented on computer algebra software, R
can be specifically computed using a given 4, p, and monomial order.
Because LM _(h)>LM_(gp) holds if ¢ # 0, LM_(h) < LM_(gp) implies
q = 0, which leads to an identical equation 4 = R. That is, if the leading
monomial of a polynomial to be used to divide is greater than that of
the polynomial to be divided, the remainder is trivial.

3. Problem setting
In this study, we assume that the physical computing system is

modeled by a system of differential equations with an observation
function as follows:

& = few0), (12a)
y=glx,u;6) (12b)
where f(-,-;0) : RNXRM — RN, g(-,-;0) : RNxRM - R. x € RV is the

state variable vector of the physical computing system; u € RM is the
input vector; y € RM is the output variable; § € R" is the parameter
vector. Let us denote the initial state variable vector as x(0) € RV.
The system of differential Egs. (12a) describes the physical system of
interest. We assume the existence and uniqueness of its solution.

An observation equation (12b) describes how to observe the output
of the system. In the field of reservoir computing [27], this is commonly
referred to as the readout, where the outputs (12b) correspond to the
outputs from readouts equipped with a physical reservoir.

To employ the algebraic methods, throughout this paper, we assume
that f and g are polynomials of x,u, whose coefficients are rational
functions of 0; f(x,u;0), g(x,u;0) € C(0)[x,u]. Hereafter, symbols with
a hat denote outputs from the physical computing system and those
with a bar or tilde denote the given time-series.

To design physical computing system, we first consider whether the
output of a given system generates target time-series j(r).

Target task 1 (Time-Series Generation). Let us denote output y(t) of (12b)
as $(t;0,u, x(0)) given 0 € 0,x(0) € RY, and u in a set of functions, R —
RM | denoted as U. Suppose that we have a target time-series denoted as j(t)
over a time duration. A time-series generation task is to find (0, u, x(0)) €
R x U xRN such that j(t; 8, u, x(0)) = 7(¢) holds over the specified domain.
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As mentioned in the previous section, various implementations of
physical computing have been proposed using diverse physical systems
and materials. Therefore, a situation in which computing with a cer-
tain physical computing system is preferable over another may arise.
The following task that considers such a situation can be successfully
handled using our algebraic approaches, as shown in Section 4.3.

Target task 2 (Designing a System and Exploiting Its Replaceability with
Another System). Suppose that we have two systems described by state-
space models such as (12a), (12b). The first is a system to be designed,
whereas the other is the target. With the same input u € U, their output
variables are denoted as j(t; 6, u, x(0)) and j(t; 6, u, (0)) given initial states
x(0), %(0) € RN and parameter vectors § € R", 8 € R”, respectively. In this
task, (8, x(0)) € R" xRN is to be found, if it exists, so that §(t; 0, u, x(0)) =
$(t;8,u, %(0)) holds over the specified duration. Note that if such (8, x(0))
exists, the system is said to be replaceable with respect to the target system.

We make two assumptions regarding target time-series j(¢). The first
relates to its smoothness (Assumption 1), which is assumed throughout
this paper. See Section 5 for a discussion related to this assumption.
The other assumption (Assumption 2) is introduced in Section 4.3 and
is related to the replaceability.

Assumption 1. Target time-series j(¢) is a sufficiently smooth function
from R to R over the duration under consideration.

Assumption 2. Let 7, denote a set of sufficiently smooth functions
containing functions from R to RM. Given and fixed u € F, and § € R”,
target time-series j(¢) satisfies h %, T % ,u;? = 0 where h
is a polynomial differential equations up to the Nth order of j.

4. Proposed framework

4.1. Key ingredient in algebraic design: the input-output map of physical
computing systems

The most important idea in the proposed framework is to extract
the input-output relations of systems by using an algebraic method.
To extract equations representing the input-output relations in the
system modeled by (12a) and (12b), we consider eliminating its state
variables. Proposition 1 shown in [28] below states that this elimina-
tion is certainly possible. Also, because (12a) contains derivatives of
the state variables, such eliminations are realized through algebraic
manipulations and derivations of the model described by (12a), (12b).
Here, the question is how many times we need to differentiate the
models to extract equations representing the input-output relations,
which may not be bounded.

Before showing the precise statement of Proposition 1, we introduce
some algebraic notation. In terms of algebra, we regard the model
as polynomials of the states, inputs, outputs, and their higher-order
derivatives. To deal with (12a) and (12b) as polynomial equations,
we introduce a notation of variables with a superscript non-negative
integer i in parentheses x), and replace ‘j—; with it. The same notation
is introduced for y and u. The variable correspondence is summarized
in Table 1. Note that x and xU) are distinct variables if i # j.
Introducing the notation in the right-sides of (12a), (12b), we ob-
tain f(x@,u©; ), g(x©, u¥; §). Polynomial equations corresponding to
(12a) and (12b) are represented as follows:

*xD = f(O)(x(O), u(O); 0),

JO — OO0 O, g)

OO, 40 0) € COX,u®,

g0, u?;0) € COX,u),

(13a)
(13b)

where the symbols f, g are replaced with f© ¢g© . Although the ele-
ments of (x, ‘é—x, y,u) depend on ¢ by definition of (12a), (12b), the ones
in (x(, x©,y® ,0) does not, and thus, (13a), (13b) are regarded as
polynomial equations; x(V — @,y — ¢©® e C()[xD, x@, yO O],
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Table 1
Correspondence of variables in differential equations (12a), (12b) and polynomial
equations (13a), (13b). i denotes a non-negative integer.

Variables in (12a), (12b)

Variables in (13a), (13b)

dx o)

dy 0}
dri Y
cu u®

In the following, we consider differential equations and polynomial
equations that are obtained by differentiating (12a), (12b) with respect
to t up to Nth order:

x T f(x,u;0)
47 e (4a)
o) (8] \SKreuwo
y g(x,u;0)
“% = %g(x',u;ﬁ) : (14b)
‘;,”—Ny :,—Z,g(x,u;ﬁ)

Here, :—;,. f(x,u;0), j—;,.g(x,u;B) denote ith order derivatives of f,g with
di

respect to 7. Note that 7

i ! . .
‘3—:, C X, %, ...,u. For a non-negative integer i, let

FOGD, X0 0Oy DD OO0

e COIxD, ..., x0u®, .. u®] @as)

f(x,u;0), j—;,g(x,uge) can be regarded as

polynomials of

dx x L
p ’ ‘ : . ar T A
7/ (w3 0), 27 g(x, u; 0) with x@, ., xO D) u©® ) respectively. Thus,
using the notations in Table 1, (14a), (14b) can be represented as
polynomial equations

denote the polynomials obtained by replacing .. u of

N FORO 4,0 p)
x<:2> _ FO GO, X(Oi’ w0, 4 p) | 6
W [ om0
O 2O GO 40 9y
y<.1> _ gD, x<0)., U0, 4 9y ’ 165)
y&w RIGSTNI ’xm:),uuv)’ 490

where ;—;,. 7 ;—;,. g are replaced with f®, ¢?. To consider the order
of derivatives required to extract the input-output relations in (12a),
(12b), let us denote a set of polynomials obtained through algebraic
manipulations of the model differentiated up to the mth order as 1.
Specifically, for (12a), (12b), given a non-negative integer m, we define
the ideal 1™ as follows:

10 =(xD Z fO ) e 00 GO0y gmy(17)
CCO™, ... x,ym, YOO,

where fOXD, ... xO 4O 4O0;0) §OxD  xO 4O 0. 9) are
denoted as f?,g®, for i = 0,...,m, respectively. Using (17), a set
of polynomials in which x,...,x©® are eliminated are described as
follows:

1™ A CO™, ...,y um, . u®],

which is a set of polynomials representing the input—output relation-
ships of the model (Fig. 1d).

Proposition 1 shows the existence of the equations representing
the input—output relations of the physical computing systems modeled
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by (12a), (12b). More precisely, it is shown that (19) has a non-zero
polynomial, and also the specific number of derivations needed for the
existence is provided.

Proposition 1 (Theorem Shown in [28]). For a model (12a), (12b)
with f(x,u;8),g(x,u;0) € C(@)[x,ul, let us consider I'N) where N is the
dimension of the state vector of the system:

TN =(xD = O N pN=D 0 GO (N o(N)y(18)
c COM, ., xO ym YO MO,

Then,

1M ac@™, ..y 0w u©, 19

is not zero ideal.

The following Lemma shown in [28] is used to prove Proposition 1.

Lemma 1 (Theorem 1.6 of [28]). Let K be the field. Polynomials p,, ..., ps
€ K|[xy,...,x,] are algebraically dependent over K if S > s, that is, there
exists a non-zero polynomial P € k[zy, ..., zg] such that P(p,,...,pg) =0.

Proof of Proposition 1. Regarding y), ...,y satisfying (12a), (12b)
and their higher order derivatives up to the Nth order, the following
holds:

WO e ™, 0, XY, (20)

because the higher order derivatives of x;,...,xy of (12a) can be
represented by those with the lower order derivatives. According
to Lemma 1, y®(@ = 0,...,N) being algebraically dependent over
Cw™, ..., u®, ) holds. Thus, a non-zero polynomial P € Cu™), ...,
u® 0z, ...,zy] exists such that P(y™,...,y®) = 0. By clearing
the denominators of the coefficients of P(y(™,...,y®), we obtain a
polynomial in ™ nC@)[y™M, ...,y D, u™), ..., u®]. This concludes the
proof of Proposition 1. []

Next, we explain how to characterize (19), which represents the
input-output relations of the model. In terms of algebra, this problem
involves describing the ideal where the Grobner basis is known to be a
key.

Definition 9 (Grobner Basis). For an ideal I on a polynomial ring K[x]
with a given monomial order, if its generator G = {gl, e gs} satisfies

p € I & pis divisible by G, (21)
then G is called the Grébner basis of 1.

For an arbitrary non-zero ideal on polynomial rings with a fixed
monomial order, there exists a Grobner basis [25]. Although the Grob-
ner basis of an ideal with respect to a fixed monomial order is not
unique, the following is unique.

Definition 10 (Reduced Grobner Basis). For an ideal I on a polynomial
ring K[x] with a given monomial order, if G = {g],...,gs} is the
Grobner basis of I and satisfies the followings:

* LC(g)is 1 foralli=1,...,s; and
« if i # j, any monomial in the set of monomials, whose coefficients
are non-zero, appear in g; is not divisible by LM(g;),

then G is the reduced Grobner basis of 1.

According to (21), any polynomial in an ideal can be represented
as a linear combination of its Grobner basis. Furthermore, according
to (21), the Grobner basis is known to solve a membership problem,
i.e., discriminate whether a given polynomial is in the ideal [25], and
thus characterize the ideal. Therefore, (19) can be characterized by its
Grobner basis. In particular, any polynomial equation corresponding to
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a polynomial in (19) holds if all the equations constituting the Grobner
basis for (19) hold. In other words, the Grobner basis for (19) explicitly
describes the input-output relations for a given physical computing
system. Notably, the Grébner basis can be derived automatically using
computer algebra software. Furthermore, there is another benefit of
using the Grobner basis. The Grobner basis can be used to determine
whether a given differential equation belongs to (19). This allows us to
compare different physical implementations of a physical computing
system, and thus, solve Target task 2 as explained in Section 4.3.

A type of lexcographic order shown in the following examples is
what we used to compute the Grobner basis and derive input-output
equations.

Example 1. For a physical computing system modeled as (12a), (12b),
we consider the polynomial ring

COxM, ..., x@ yM O M0 (22)

as in Proposition 1. To eliminate x™, ... x© from the ideal (18)
corresponding to the model, we fix the monomial order of the ring
to the lexcographic order such that x™¥) > ... > x@ > (M) 5 .. >
YO > 4™ > ... > 4O That is, monomials in the ring are considered as
(xM) (x(N=D)%2 e (D) 51 (4 @)% where the derivatives (e.g., x™)
are considered distinct from the ordinary variables (e.g., x).

In Section 4.3, we consider the polynomial ring C(6)[yV), ..., »©,
u™, ... u®], which is the subset of the ring considered in Example 1.
The input-output order defined in Definition 11 is the order induced
by the lexcographic order explained in Example 1. That is, we fix
the monomial order of the ring to the lexcographic order such that
YV > > O 5 N 5 s 4O This corresponds to considering
monomials in the ring as (y(’\'))ﬂ1 (y(’\"”)ﬂ2 (u(”)ﬂs’l (u((’))ﬁ:.

Definition 11 (Input—Output Order). Let us denote the ring C(6)[y'V, ...,
YO, U™ @] as C(9)[z], in which each element of z = (z,, z,, ..., z,)
corresponds to y™, ...,y M 4O in order. Let us consider a

monomial order < such that for arbitrary q = z‘f‘zgz,...,zfl, p =
zf ! zgz, ,zf° € C(®)lz], ¢ < p holds if the left-most element among

the non-zero elements of (§; — ay,p, — @y, ..., B, — ) is positive. We
define < as an input-output order.

An element of the Grobner basis of (19), representing the input-
output relationships of a model of physical computing system (12a),
(12b). It is uniquely obtained by fixing the monomial order to the one
appears in Example 1 and computing the reduced Grobner basis. For
simplicity, we consider the polynomial equation obtained in this way,

which is unique, and denote it as follows:
FOM, . y0u™ 05 9) =0, (23)

where FG™), ..., yO 4™ 4O 0) € CON,...,y0,u™ . 401,
The input-output equation of (12a), (12b) can be obtained by replacing

o d d .

YNy O N O of (23) with TNy,...,y, r,f,...,u as follows:
dVy dVu

Fl—,....0,—,...,u;0 ) =0. 24
<dtN PN 24

4.2. Main Theorem 1: Deriving design guidelines of physical computing
systems algebraically

Firstly, we consider Target Task 1 (time-series generations.) The-
orem 1 shown below is a fundamental theorem for deriving design
guidelines from (24) for Target Task 1. Intuitively, it provides a dis-
criminator to determine whether a given physical computing system
generates j(t), which reveals design guidelines for the system.

We first introduce some definitions. Let 7, denote a set of suffi-
ciently smooth functions containing functions from R to R.
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Definition 12 (Consistent Initial Values). For a given input u € 7, and
initial values of (12a), denoted as x(0) € RY, we define the consistent

N
initial values of (14a) as (x(O), % t_0> € RNVX(N+D) that satisfies

dr T <x<0), u(0); 0)
dr |1=0
: = Nl (25)
av (N-1) [ 4T x .
o) <d,N_1 O, G ,=o"“’“(°>"9>
According to (15), f@ is a function of x©@, .. x® 4O . 4O for
i =0,...,N — 1. Hence, for arbitrary x(0) € RN, u € F,, by substi-
: d'x 3 (0) i) 1,(0) (i)
tutlng (x(O),..., o o Lu(0), ..., dﬂ ’:0) into (x©,...,x® 4O, .®)
of f® in the order of i = 0,...,N — 1, consistent initial values
(x(O) d[N =0) can be obtained.

Lemma 2. Suppose that the system of differential Eqs. (12a) with a given
u € F, and a given initial state vector x(0) admits a unique solution. Then,
the system of differential equations that consists of (12a) and its higher
order derivatives up to the Nth order (14a) admits a unique solution given
consistent initial values. Furthermore, the output satisfying the observation
Eq. (12b) and their derivatives up to the Nth order are also unique given
the unique solution of (14a) .

Proof. Let us substitute the unique solution of (12a) into their right
side, f(x,u;0). We then obtain a unique i—’;, which is well defined
because f(x,u;0)= f©O(x,u;0) is a polynomial vector with respect to

x and u. Then ?Tf = f(x(0),u(0);0) = fO(x,u;0) holds. By sub-
stituting x(t), o u(t), i’: into the right side of the derivative of the
system of differential equations, % f(x,u;0), we obtain a unique ‘f—;

©x s well defined because gf(x u;,0) = f(l)(d—x ,u;0) is a poly-

dr? X dt
nomial vector with respect to d—" L X, ‘j",u Thus, it holds that % =
=0
£ ‘3]—;‘ ,x(0), & dt u(O); 0). By repeating these procedures, we ob-
de

tain a umque x(t) that is, the solution of (14a) given

’dr N
dNy

consistent initial values (25). Furthermore, y(t), G g are shown

to be unique by substituting x(r) o d < into the rlght side of (14b),

’E

N N N
, i—Ng(x,u;O):g(N) <u,...,x,%w,u;f?). O

© xX,u), ...
g7 (x, u) an

g(x,u;0) =

(26)

Definition 13 (Consistent Outputs). Suppose that the system of differen-
tial Egs. (12a) with a given u € ¥, and a given initial state vector admits
a unique solution. We define the consistent outputs of (14a), (14b) as
Vyers ‘g/—,\,y such that the unique solution of (14a) given consistent initial
values are substituted into the right-side of (14b).

Assumption 3 (Generic Physical Computing System). Given a physical
computing system (12a), (12b) and initial values of the consistent

outputs of (14a), (14b), (»(0),..., ﬂ| ) € RN+ we assume that
1=

drN

anN-1
a vy )ERN
cees N1
dr =0

the input-output Eq. (24) given initial values (y(0), .
admits a unique solution for arbitrary u € F,.

Assumption 4 (Generic Parameter Vectors). For a physical computing
system (12a), (12b) with the input-output Eq. (24), a specific param-
eter vector 0, € R" is defined as generic if the input-output equation
of (12a), (12b) with 6 = 6, is equivalent to (24) with 6, substituted for
0. Throughout this work, we consider generic parameter vectors and a
set of generic parameter vectors © C R".

In general, generic parameters can be configured using a com-
prehensive Grobner system [29-31]. See Appendix B for additional
comments on generic parameter vectors.
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Theorem 1. Let © C R”" be a set of generic parameter vectors and
¥(t) € F, be a target time-series. Suppose that a physical computing system
(12a) , (12b) satisfies Assumption 3. Let 6 € O,u € F,,x(0) € RN be
given and fixed. Let us denote the consistent outputs of (14a), (14b) as
(. 0,u,x(0)), ..., i—l,v\, $(t;0,u,x(0)). Then, 5(t) can be generated by (12a),
(12b) given x(0) € RN on a time interval [0,T] if and only if

aNy _dVu .
F(dt_N’m’y(t)’dt_N’m’u(I)’9>=O’ (27)
holds over [0, T] and
R _ dNy
$(0;0,u,x(0)) = y(0), . Ny(I 0,u,x(0)| = — (28)
T dr =0 dr —0

Proof of Theorem 1. Let us take an arbitrary (9, u, x(0)) € @ x F, xRN
According to Lemma 2, (t;0,u, x(0)), ..., (i—,; (t; 0,u,x(0)) is unique.

First, we show that for any x(0) € RV, j(t; 0, u, x(0)) = j(t) holds over
[0,T7] if (27) and (28) hold. Considering that F is in (18) and 0 € 6, it
follows that

F (L 56,0, x(0 5120, x(0)), IV 0:0) =0
dt_Ny(’ 4, x(0), ..., 9(t; 0, u, x( ))’dt_N’ Lu); 0] =0.

Considering that (12a), (12b) is generic and that both j(t; 0, u, x(0)) and
y(¢) satisfy (24), given the initial condition (28), $(t; 0, u, x(0)) and y(r)
must coincide over [0, T].

Next, we show that for any x(0) € RV, (27) and (28) holds if j(f) can
be generated by (12a), (12b). Let us again take an arbitrary x(0) € R,
Because y(r) € F, can be generated by (12a), (12b), this is equivalent
to $(t;0,u, x(0)) up to the Nth order, where §(z; 6, u, x(0)) is a unique so-
lution of (12a), (12b), as shown in Lemma 2. Hence, it holds that (28).
Furthermore, ( (7 0, u, x(0)), ..., % y(t;0,u x(O))) satisfies (24) because

Fisin I™) and 0 € ©. Therefore, (y, ) satisfies F, that is, (27)

holds. This concludes the proof. []

Theorem 1 guarantees that (24) plays a role in deriving the design
guidelines of the system for the time-series generation task. A “specific
design guideline” for Target task 1 is the one explains how to adjust a
system to generate a target time series. In existing literatures [15,20],
for physical computing systems that are static feedback linearizable,
specific design guidelines in the form of feedback control laws have
been derived. On the other hand, our approach allows more general
physical computing systems, described as (12a), (12b) and obtains the
specific design guideline (27). (27) indicates that if inputs satisfying
(27) are applied to the system, the target time series can be generated.
In this sense, (27) serves as a specific design guideline for physical
computing systems if (28) holds. It is noteworthy that our approach
derives (27) explicitly and systematically based on algebraic theory and
Grobner bases computation. (28) is critical for non-stationary tasks,
whereas it is not for stationary ones. See Experiment 3 for examples.

Experiment 1. Designing inputs applied to physical computing systems.
We consider the physical system modeled using the FitzHugh-Nagumo
equation [32],

dx

—1=x1 (xl—l)(l—%xl)—x2+u,

o = Xj. (29)

dr

We assume that x, is observed; y = x,. Then, following the

procedures explained in Example A.2 in Supplementary material, the
3 2

)\ _4(dy dy  d%y

input-output equation of this system, y+ > ( dt) 3 ( dr) ot U=

0 is obtained.

According to Theorem 1, the input-output equation in which a
target time-series is substituted, provides specific design guidelines for

3 2
generation tasks. Manipulating y + < ( ar ) - %(%) + dy + ﬁ —u=0,

a design guideline

_ dy dy dy  d*y
- 2y 30
y+3<dt> 3(dz> MY 30
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x10%(a) Inputs obtained by the proposed method

(b) Target time—series vs outputs of the system

i 1 1 [
1

Fig. 2. Generation of chaotic time-series (the Lorentz and the Rossler equations) by the physical computing system (29).

is derived. Let us set an initial states of (29) as (x;(0),x,(0)T =
T

(2| 50)T. We obtain (dxl o’ ‘%2 =) by substituting (x,(0),

xz(O))Q into the right-side of top 2 equations of (25). By substituting

(x1(0), x,(0), dditl)yz()’ dditz)rz())T into the third and fourth equations, we

d2 X d2x2 )
dr? 0’ dr?

consistent initial values, leen the consistent initial values, the outputs
of (29) and their derivatives up to 2nd order, j(z;0,u, x(0)), —I y(t,9,u,

obtain (

By repeating these procedures, we obtain a

x(0)), % $(t;0,u,x(0)) consistent. Since it holds that y = x, and ‘:l—y =
% = x;, it must hold that $(0) = x,(0) = 5(0) and % $(t;0,u, x(0)) =
x,(0) = j—f 0 which satisfies (28). Using the input defined as (30)
and given initial values (x,(0),x,(0)T = (j{ L’ O,V(O))T the system
generates the given time-series, y. The guideline derived based on
Theorem 1, (30), suggests that the system can generate several target
time-series by adjusting its input.

We now numerically confirm how designed inputs based on The-
orem 1 generate target time-series well. We consider target dynamics
generated by chaotic systems called the Lorentz system [33],

dx _ _ dx _ _ _ dx o 8 _

d_tl =10(%, — %,), d_t2 =x,(28 — X3) — X, d_t3 = %% - 3%, (€3]
and the Rossler system [34],

dx; L dx, 1 dx; |

FTI I i T L e R o B )

In this experiment, ‘;—f‘ = x,(0) are estimated via the approximation
of the numerical solutlon of y of (31) and (32) using polynomial
interpolants in the Chebyshev points [35]. We assume that data points
are sampled from the first variables of each system. We substituted the
discretized target time-series into the design guideline (30) to obtain
inputs. Then, they are applied to (29). Fig. 2 shows the designed
inputs and the outputs of the physical computing system for generating
the two types of time-series. Thus, the different time-series, both of
which are generated by chaotic dynamics, are numerically confirmed
to be generated by the physical computing system based on the design
guidelines derived by our approach. Notably, this property, which is
a type of multi-tasking property, is desirable in physical computing,
leading to the efficient use of given physical assets to perform various
computations.

As a conclusion of this experiment, the relationship between our
approach and differential flatness [21-24] is commented. In general,
(12a) is differentially flat if there exist relations

£ RN x (RM)™ S RM,

é: (RM) - RV,
w o (RM)™ S RM

such that
du d"u
Y—é(X,MaE,---,F>,
dy d"y
x:¢<y7a,---,y>, (33)

_ o4y
U=yA\y g g )

The output y of (33) is called the flat output. The physical computing
system considered in this experiment is represented as (29) with &(x) =
x,. Then, it is easy to find that ¢(y, %) can be taken as (‘;—f, »T. In
addition, the specific design guideline obtained through the proposed

3
approach, (30) shows that it holds that y(y, ¢ dy &y ) = (‘]y > -

> ar dr
2
%‘(i—f) + d” +4 dr2 These conclude that the physical computing system

considered in Experiment 1 is differentially flat. Note that this con-
clusion is obtained systematically based on the algebraic framework
based on Grobner basis computation. In general, the differential flatness
property enables the transformation of the original system into a linear
canonical form [36]. Subsequently, control methods for linear systems,
which are well-developed, become applicable in designing inputs for
the original system. Control methods based on such properties is called
flatness-based controls [24] and one of the examples is provided below.
The physical computing system represented by (29) and y = x, can be
transformed into the linear system

d(m\_(0 1y /(»n T_(, Y !
dr <J’2>_<0 0) <Y2>+U’ O1-22) _<y’ df) ' ©9

where v : R — R denotes the input function satisfying

1 4
u:y1+§y23—§y22+y2+u. (35)

Note that (35) is obtained based on our design guideline (30). In the
linear system (34), v can be designed so that (y;,,)" fits to (7, ‘;—f)T
by control methods such as a state feedback control based on pole
placement techniques [37]. Then, by substituting v together with y,, y,
into (35), the input to the physical computing system u is obtained. It
is also noteworthy that designing u based on (35) does not require the
second order derivatives &7 2 unlike designing u based on (30) solely. In
summary, our proposed de51gn guideline (30) is shown to be applicable
for Target task 1, and moreover, incorporation of the concept of flatness
into it is promising, which may enable more practical use of physical
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computing systems. We leave further applications of flatness-based
controls as future work.

4.3. Main Theorem 2: Relating two different physical computing systems

In this section, we provide a theorem that enables the design of
physical computing systems that can be replaced with other computing
systems. Such a design is useful considering the diverse implementa-
tions of physical systems (Target task 2.) The basic idea is to provide
a description of the relationship between the input-output equations
of a given physical computing system and a target system. Such a
relationship provides information about whether those systems can be
interchanged, as well as providing design guidelines.

To accomplish this, we leverage another benefit of the Grobner
basis. The Grobner basis (e.g., (24)) can determine whether a given
polynomial in a set of polynomials corresponds to itself (e.g., (19));
a polynomial is shown to be or not to be in a certain ideal through
division by its Grobner basis. Suppose that the input-output equation
of a target system, which is denoted as 4 in Assumption 2, is set as the
polynomial to be divided. Then, intuitively, the division by (24) makes
it possible to determine whether the target input—output behavior is
realized by a given physical computing system. The monomial order
that we introduce for this purpose is the input-output order, defined in
Definition 11 The following is a example of the input-output order.

Example 2 (The Input-Output Order). Let us consider a polynomial,
h o=y + 30 — (1 - (y(‘)))z) y where the order of variables is
y@,y 3O as discussed in Experiment 3. The monomials in & are
y@, 50 30 and y“)(y(o))z. Given the input-output order, they are
ordered as y® > y(l)(y(o))2 >y > O,

The monomial with the highest order in polynomial p with respect
to order < is denoted as LM _(p) and the coefficient of LM_(p) is denoted
as LC_(p) (See Definitions 6 and 7). For instance, consider h appears
in Example 2. LM_(h) = y® and LC_(h) = 1 hold with respect
to the input-output order. With these notations, a theorem on the
replaceability is provided. Let us consider the correspondence between
h =0 and the input-output equation of a target system for the practical
use of the theorem.

Theorem 2. Given and fixed u € F, and § € R", suppose that
there exists a target time-series j(t) € F, satisfying a differential equa-
tion h dtN ,...,jz,‘siv—,\j‘,.“,u;é) = 0 defined over [0,T] and Assump-
tions 1 and 2. Let us consider a physical computing system described by
(12a), (12b) satisfies Assumption 3. Let ® C R" be a set of generic
parameters. Let 6 € O be given and fixed We fix a monomial order
of CO,DH[yM, ...,y 0, uN . uO] as the input-output order <. Suppose
that h(y™, ...,y O, M u©: ) is divided by F that is defined in (24),
and represented as

RN,y O N u @) = g™, Ly O™ @ 9,6)F

+ R(y(N), ,y(O),u(N), ,u(O); 0, g)’

(36)
where we assume that LM_(h) > LM_(F), LC_(F) is non-zero, and the
coefficient of h with respect to LM _(F) is non-gero. Let us take arbitrary
initial values x(0) € RJ‘;’ of (12a) and denote the consistent initial values
of (14a) as (x(0), ..., S 0) e RNXWN+D et us denote the consistent

T
outputs of (14a), (14b) as y(t;e, u, x(0)), ..., i—]\,f,ﬁ(t;e,u, x(0)). Then, (1)

can be generated by (12a), (12b) given x(0) if

dVy _ . dVu s
R<dt—N,n-,y(t)sm—N,m,M(T),G,e) =0 (37)
holds over [0, T] and (28) holds.

Remark 1. To apply Theorem 2 to Target task 2, one may consider that
N

h ‘; s Vs %, ...,u;0 ) = 0 is the input-output equation of a system,
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which is regarded as a Target system, of which parameters vector is
denoted as 6.

Remark 2. The basic assumptions are the same as those for Theorem 1
together with Assumption 2. Additional assumptions are related to
the order of the monomials. In general, when the polynomials are
divided, the polynomials to be divided have higher-order monomials
than those used for the division. Hence, to consistently perform the
division, it must hold that LM_(h) > LM_(F), which is one of the
additional assumptions. In addition, we assume that LC_(F) and LC_(h)
are non-zero or non-zero functions over [0, T], which are generic ones.

Proof. Because LM_(h) > LM_(F) holds, ¢ in (36) is represented by
q' /LC(F), that is, ¢ = ¢’ /LC(F). According to the assumptions, LC_(F)
is non-zero and ¢’ is non-zero; thus, ¢ is non-zero. By substituting
(y,...,%y) into (y,..., d’,\,) of (36), the left side of (36) and R take
zeros over ¢t € [0, T] because y is a solution of

dv dNu 5
h (rNyy T ,u;0> =0

and (37). Thus, it must hold that
Ny dNy

Fl —, ..., —,...,u(®);0 | =0 38
<dtN y(@®) N u(r) (38)

over ¢ € [0, T]. This is equivalent to (27). Hence, by connecting this to
the sufficiency of Theorem 1, we finish the proof. []

(37) is a differential polynomial equation up to the Nth order,
whose coefficients are functions of 6, and the variables are u. In the
same manner as for (27), design guidelines for a physical computing
system can be derived from (37). However, in this case, they are related
to the replaceability of (12a), (12b) with a target system generating j.

Experiment 3. Exploitation of the replaceability and subsequent design.
We apply Theorem 2 and investigate specific design guidelines for a
physical computing system to be utilized to replace a target system that
generates parameterized time-series. Let us consider a physical comput-
ing system modeled by a FitzHugh-Nagumo equation with parameters
0y,....0)7 €R?,

dxl —0 (
ar !

dx
%x?+x2+92), &1 (xl

P g (11— 03 + 0,x,) (39)

with readout y = x;. We denote this system as ¥, and regard this as the
system to be designed. The input-output equation of X, is as follows:

dy d?y _dy 04
3 2 —
047" +30, 3y +3(1-6,)y +3—d2 -35 <el o —-3(6; —6,0,) =0.

(40)

We denote the left side of (40) as F,. Then, we con51der a target

system that consists of van der Pol equation [38], =L =x,, dgtz =

X+~ 2)x2 and observation equation j = x;. We denote this system
2~ ~

as %,. The input-output equation of %, is ‘isz +y—(1- )72)‘;—3[’ = 0. By

dividing the left-side of this by F, following the procedures explained

in Example C.1 in Supplementary material, we obtain the reminder R,

as follows:

0 07— 61044

=(- l)—y SR L O (0,0, +0,).  (4D)
3 0, dr

Based on R, and Theorem 2, it is shown that X, generates a time-series

generated by %, if, essentially, it holds that

(0,605,607 =(1,0,0)7 (42)

given appropriately chosen initial values of (39) such that the con-
sistent outputs y(; 6, u, x(0)), ..., dzZ y(t 0,u, x(0)) evaluated at t = 0 are
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No
equal to y(0),..., % . Specifically, considering that y = x; in X,
=0
we solve the following systems of equations
7(0) x;(0)
dy dxy
dt =0 | = dr |1=0 (43)
ﬁ dzx]
dr? =0 dr? =0

with respect to x(0) = (x,(0), xz(O))T noting that the following holds:

d
@ =0, (xl(O)— %xl(O)3 +x2(0)+92),

dr |i=0

dx, 1

T = o (x1(0) — 65 + 0,x,(0))

d? d d d

Exy =91<ﬁ Cqopr | e >
dr? =0 dr |=o dr |,=o dr |—o
&x, :_L<& Lo, 92 )

a2 |, 0\ dr et df o)

Given these constraints on the parameters and initial values, X,
is shown to be replaceable with ¥,. To numerically confirm this, we
conduct the following comparative experiments, in which the value of
0, is taken from [0, 1].

Experiment 3-1. Replaceability with respect to a single target time-series.
To demonstrate how the proposed method works numerically, we first
consider the target system X, given an initial state (%,(0),%,(0))" =
(2,0)T, and thus, consider the replaceability with respect to a target
time-series. In Fig. 3(a), X, is designed such that it satisfies the con-
straints on the parameters (42) and (43). In particular, the values of
the parameters are as follows:

(61,0,,05,0,)" = (1,0.5,0,0)T. (44)

The details on the derivation of the consistent initial condition x(0) =
(2,0.167)7 is described in . As it follows the proposed design guidelines,
the numerically-computed output of X, with %, is well-fitted, and the
average of the normalized MSE is 0.0056. In contrast, Figs. 3 (b) and
(c) show that the results with X, disobey some of these guidelines,
in particular, without the constraints on the (b) parameters and (c)
initial states. As shown in Figs. 3 (b) and (c), when neither (42) nor
x(0) = (2,0.167)7 is unsatisfied, the outputs of X, and X, greatly differ.
The average values of the normalized MSE were 1.0395 and 0.0983.
We also consider the case in which the target system X, lies in its
stationary state; ¢+ € [100,200]. At this duration, states of X, forms an
attractor, as shown in the red line in Fig. 3(d). Considering that X,
is originally a two-dimensional system, the attractor is reconstructed
in a two-dimensional delayed coordinate. The time delay was set so
that the autocorrelation function of a discretized time-series sampled
from the target time-series takes the first local minima [39] . Owing
to the replaceability, the only condition left for the X, to generate
the target time-series in stationary time could be (42). X, under the
similar condition as that in Fig. 3(c) can successfully reconstruct similar
attractors, as shown in Fig. 3(d). Thus, we confirmed that ¥, can be
replaced by X, under the design guideline (42) with initial conditions
x(0) = (2,0.167)7 for the stationary task, and Eq. (42) for the non-
stationary task. Note that both the stationary and non-stationary tasks
are accomplished using our algebraic approach.

Experiment 3-2. Replaceability with respect to initial values of a target
system. For simplicity, we consider the | that has the same parameter
values, (44). Here, we randomly choose (%,(0), ¥,(0))T from [-2, 21% 10
times and design the initial states of X, so that it they fit each target
time-series. The results are summarized in Fig. 4(a) . The normalized
MSE is 3.8173 x 107°. As observed, when the initial values of X, are
appropriately chosen, X, approximates the output of ¥, well regardless
of the (%,(0), %,(0))". This indicates that the X, satisfying the proposed
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design guidelines, that takes consistent initial values and satisfies the
parameter constraints, can be replaced with X, for various initial states.

Experiment 3-3. Replaceability with respect to parameters of a target sys-
tem. We consider a modified target system, denoted by /. Differential
equations of X are

dx, _ dx, 5 - e

o =g = h +0(1 - x%)xz (45)
where § € R denotes its parameter and %, is observed. The input—
output equation of X} is d—zy +y—-001 - yz)‘;—f. The remainder of this
by F,, the left-side of (40), with respect to the input-output order, is
as follows:

0,2-6,0-6,dy 6
A T REY 340,y + (0,0, + 03). (46)
9, a3

Here, we let 4 take 1,3, and —3 and set (6;,6,,65,0,)" as (,0.5,0,0)T.
The same initial values of the target system were applied as previous
experiments and x(0) = (x,(0), x,(0)) is set to (2,0.167)T. As observed
in Fig. 4(b), if X, satisfies (9;.65,0,)T = (6,0,0)7, it can be replaced
with and approximate X!. The average of the normalized MSE was
1.7765 x 1075,

.,dy2
-0 0)—
( 1+)dty+

5. Conclusion

In this paper, we proposed an algebraic design framework for
physical computing systems that can offer specific design guidelines.
The proposed framework, unlike practical design methods [12,13],
is supported by rigorous theory, specifically, algebraic theory; unlike
existing theories based on nonlinear filter approximation [14,16], it
provides specific design guidelines; and unlike existing theories based
on feedback linearizability [15,20], the applicability is not essentially
limited — it is applicable regardless of whether it is feedback lin-
earizable or not. Theorems 1 and 2 are presented as the main results
followed by numerical experiments implementing our framework for
solving several time-series generation tasks and replaceability-related
tasks. It is noteworthy that the proposed framework is supported by
computer algebraic techniques, and thus, the users can

Theorem 1 provides specific design guidelines on inputs given phys-
ical system generates a target time-series. To do this, the input—output
map of a given physical computing system, which can be fortunately
obtained using computer algebra software, is connected to target tasks.
Thanks to the explicit description of the input-output maps based on
algebra, specific design guidelines are successfully obtained. This is
demonstrated through Experiments 1 and 2 in the context of time-series
generation tasks. The derivation of specific design guidelines is the
fundamental progress from existing approaches such as learning-based
methods [12,13] and existing theories based on filter approximation
theories [14,16]. Interestingly, our proposed approach shows that the
physical computing system considered in Experiment 1 is differentially
flat, meaning that it can be transformed into a linear systems with
a certain feedback control. Differential flatness is beneficial property
because, with appropriate observation equations, the system can be
transformed into a linear system, for which control methods are well-
developed and practically feasible. This fact suggests that the proposed
algebraic approach has the potential to be practically applicable. In
fact, problem settings of feedback controls are common for physical
computing [14,15], and thus, combining flatness-based control and
our approach is promising, which we leave as future work. Although
we emphasized the connection to differential flatness, our approach
is applicable regardless of whether the system is differentially flat, as
demonstrated through Experiment 2 in Supplementary material.

Theorem 2 considers the replaceability of given physical computing
systems to target systems. By relating the input-output maps of a given
physical system and target systems, the replaceability is discriminated
algebraically and specific design guidelines are provided if it is shown



M. Komatsu et al.

(a)Proposed
al (61,04,04) = (1,0,0),2(0) = (2.000,0.167).

T Ave. of MSE:
557.271 x 107°

5

-4
0 10

(c)Without the constragnts on initial states
25(0) is randomly chosen.

Ave. of MSE:
9830.026 x 10~°

5

0.555,5(0) = 1.654)

15 20

z(t+ 1.6)
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(b)Without the constraints on parameters
3} (0y,05,0y4) is randomly chosen.

—1X, : target
L —w 51(0, = 0.859, (61,05,0,) = (0.96, 0.
Ave. of MSE: |+ Ea(0, ,(61,03,0,) = (0.10, |
-4 103954.480 x 10 %= ¥,(6; ,(6,,05,64) = (0.60,0.09, 0.3
0 5 10 15 20

Reconstructed attractors (¢ € [100, 200])

The same conditions applied as (c).

(@

2t
o X, : target

o ¥,(6 =085
o %,(6, =0.37.
o ¥(0y = 0.555, 29

-4}

0 1
x(t)

-3 -2

Fig. 3. Replaceability of FitzHugh-Nagumo system (X,) with respect to the target system (X,) given constraints on the (a) parameters and initial states, (b) initial states, and (c)

parameters. (d) The reconstructed attractors under the same conditions as (c).

(a)Target initial states
(21(0), 22(0)) = (2.0, 0.0)

(b)Target parameters
f =10

2 2
0 0
= =
_2 _2.
—3, : target —3, : target
-4 - - %y (2(0) = (2.0,0.167)) “41 - % (x(0) = (2.0,0.167), 6, =1.0)
o | (21(0), #2(0)) = (1.62, 0.529) o8 =3.0
0 0+
= =
-2 =2 |
—3, : target —X) : target
—4 - - % (2(0) = (1.62, —0.168)) 47 - % (2(0) = (2.0,0.167), 6; =3.0)
5 —1.49, —1.61) ,0 =-30
0 0
) )
_2 _2.
—3, : target —13 : target
-4 - - %i(z(0) = (-1.49,-1.73))|  ~4] |- - By(2(0) = (2.0,0.167),6, =—3.0)|
0 4 8 12 16 20 0 4 8 12 16 20

Fig. 4. Replaceability of X, with respect to (%,(0),%,(0))" or 6 of Z,. The outputs of X,

to be replaceable. In Experiment 3, the replaceabilities concerning
initial values as well as parameters of a target system are investigated.
It is noteworthy that designing replaceability system is demanded but
not well examined in the field of physical computing. This implies room
for further contribution of the algebraic design framework for physical
computing.

One of the limitations of our framework is related to the com-
putational costs for the input—output equations; the Grobner basis
computation is often computationally expensive for large physical com-
puting systems. Incorporating efficient methods for deriving input—
output equations such as [40], which is recently proposed, into our
framework may be a promising method to avoid such a scale limitation.

In this study, we assumed that physical computing system is mod-
eled by polynomial differential equations and polynomial observation

10

are shown in dashed lines and the target time-series are shown in solid red lines.

equations. However, some systems are not described in these types
of equations. The existence of system noise and observation noise is
also of concern. Thus, from a technical viewpoint, the expansion of the
scope of our framework in terms of models is needed. In conventional
approaches [14,15,17] based on approximation theory of filters [17],
the Stone-Weierstrass theorem [41] is one of the keys. In the theorem,
errors between a continuous function that corresponds to a considered
filter and polynomial functions that approximate the filter are evalu-
ated. Thereafter, it is shown that there exists a polynomial function that
approximates the function representing the filter sufficiently under the
appropriate assumptions. This implies that algebraic frameworks may
be applicable to models described by continuous functions as well. This
may broaden the scope of our frameworks. Therefore, if algebraic ap-
proaches are combined with these conventional approaches, designing
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methods of physical computing system that are practically applicable
may be constructed, which we leave for future work.

Furthermore, applying the proposed framework to more practical
tasks remains a challenge to be addressed moving forward. In Experi-
ment 3, we confirmed that algebraic design allows physical computing
systems to perform non-stationary tasks. Although it should be noted
that imposing initial conditions as demonstrated may be practically
challenging, novel applications of physical computing systems may be
considered based on our results. For instance, sequence-to-sequence
tasks that appear in the field of natural language processing are in our
scope in principle. It is important to apply algebraic design to these ap-
plications while considering the above technical considerations, which
we leave for future work.
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Appendix A. Details of Experiments 1 and 3: estimations of con-
sistent initial parameters

Theorem 1 and Theorem 2 require the consistent initial values
defined in Definition 13 and the consistent initial output defined
as (28). As explained soon after Definition 13, for arbitrary initial

values of (12a), say x(0), consistent initial values x(0), ..., ‘;—’: o Can be

‘:—,i‘L_O (i = 1,...,N) can be obtained by using
di-lx

XO, o G| O Al ~
output and its derivatives up to Nth order (;0,u,x(0)),...,
;—7\, $(t; 0, u, x(0)) _, are uniquely obtained for arbitrary x(0). Consid-
ering this, given y € Fy and u € F,, to make initial values of (14a) and
outputs of (14b) consistent, it suffices to set the initial values of (12a)
as the solution of (28) with respect to x(0). See a specific example in
Experiment 1.

In Experiment 3, the initial values of (39) must be fixed consistently
depending on initial values of X,. Here, we consider the case that

initial values of van der Pol equation, which is a part of X,, are
25

@
via Chebyshev approximation similar as in Experiment in Section 4.2.

obtained. Specifically,

o Thus, according to Lemma 2, the

known. In this case, we first estimate the values of % -0 and

11
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- 2 -
%‘mo and isz o
y(0) are then substituted into (43). In this procedure, y is numerically
computed by the chebop function of chebfun . To perform polynomial
interpolation, we apply the interpl function of chebfun. (43) is solved as
a nonlinear least-squares problem by the Levenberg-Marquardt method,

which estimates the initial values of X;.

The approximated values of together with known

Appendix B. Supplementary data

Supplementary material related to this article can be found online

at https://doi.org/10.1016/j.physd.2024.134382.
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