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Abstract

Conventional bridge inspections primarily rely on direct visual inspection by human inspectors, which
requires significant costs. Moreover, cables in bridges are made of specialized materials, necessitating a high
level of expertise for inspection. To address these challenges, optimizing and stabilizing the inspection process
through computer vision has been considered, however, a shortage of training data remains a concern. Recently
proposed large-scale Vision-Language models, which are pre-trained on massive amounts of general data, can
adapt to specific tasks with additional training on a small dataset, thus addressing the lack of training data. In this
paper, we propose an anomaly detection method for bridge cable inspection that utilizes object detection and
image classification based on large-scale Vision-Language models, demonstrating its effectiveness in improving
the efficiency and reliability of the inspection process.
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