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Depth distribution estimation of
over consolidation ratio by machine learning

Ran Chen
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Seiji Zenitani
Shinya Tachibana
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Abstract

The overconsolidation ratio of the ground is a parameter that indicates the consolidation history of the
ground and is one of the important parameters for analyzing the behavior of the ground. In this study, we
proposed a new method for estimating the depth distribution of the overconsolidation ratio, which is a
parameter representing the stress history of the ground, and a method for training neural networks using the
results of finite element analysis. If the basement incident seismic wave and the ground surface seismic wave
of a specific ground can be grasped by the proposed method, it is possible to estimate the depth distribution
of the overconsolidation ratio of the ground. By comparing the predicted overconsolidation ratio with the
correct answer value by the neural network trained by the teacher data prepared in this study, it was shown
that the prediction accuracy is high.
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